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Abstract: This paper addressed the "superficial imitation" and personality collapse bottlenecks in large model style simulation.
The study constructed a high-order personality tensor dynamics framework. Four controlled experiments validated the
framework. The potential well reduced state deviation variance by 86.8%. The method outperformed baselines significantly on
four metrics across 180 test units (p < 1e-10). Ablation experiments confirmed the core contributions of the potential well and
inertia modules. Core personality dimensions remained fully locked under cross-spatiotemporal contexts. Noise sensitivity
tests demonstrated strong robustness. The research indicates that modeling writer style as a controlled continuous-time
dynamical system provides an effective solution to personality collapse and interpretability issues.
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A B E AR A

BARMMIRYE T ARSRUERE IR R, —BiE . ResEtk. HEm
Pe = Z AfFE R s RS, RUTEAE “FEn o A%
R HbR LR Ao T GE BE 5 XURS RS E 1R 2 T fi S 5
R BLAHR, AR EFENE T MR (IR 1 3SR
TER: SR RIARE VEA I BRG], 7T RE 2 A
IR AL R E B, —E AR NAE BT R &R .

5 HR5RE

51 MIRBE

EF X ET RIS S8 (LLMs) FEAF SR AR HH % i A7 7
PR B PN 36 5 AA% BRI R, ARHIF AR T AL G T4
W LAREE S M EEA M, Qg T — M T b
NG TS eI Pkl (P € E YN =2 YRR W =L AT
PURIIA R, w7 4 A TR &8 (8] 5 sl 22k
iR, BT G 02 NSRS B A O T S I ) R G
SLRAESE, NGB REHERIRHUAMTE SN . BERERABK
HA— SRR A OB, T A AR S 17 1R B e I AE ORUE 15 1
TS RGUSCR T R AE T AT EARIE A . ik, AT7
R I R AR BT LB, RIS 6 AARRIEIER S 10
A AMRBGE A G WA, HAE A — B, R A P
175 IR B S5 AN (B LA 1 Y TP A b 350 B 2 T B 2R 0%,
HE k50 SR il =i 38 & (Cohen's d > 1.6), iEB] T 5|
BN 7T AR BN AR L AR I G . RJm, AFSCIE
BT S R R AT M, ol R IR B4R (D7), 1%
MELE R T SEIL T VE KA S I AR Sei sy, e AR
AR RFFAZ O SRR AT SR T, 5 A 2 BB AT 5
GHNEZBRIEN SRR, WASER MR GEFBAL KR
T IR SRS
5.2 fARER

R AR FOAE B0 SRS HUE 0 R TS T R 1
f&, BAAECA TR MR ok, 5B SRR B 4 A
RIARSEIL, MHTRISEES F B TR E M TR KRR, R
SRIGAE T BN 715U 20, A ARG TR 30 ) R Dy
SR A, BB AN BITR RS S 88 (1 LLaMA. Qwen
) BT RE P AT OSSO AR R Bk, S8R 5t
LRI, THEABKENZOSE (Toe) K315
(K.DM) HElFEZERBO T K a5 N LhnE, M
R SEPLEET RMBAE BRI B30 R IRE S HE >
e, W R, AT P 4Pl fe s F ER T
A P BE S 7 Z A, 2 KB A K =W
(Human-in-the-loop) 3&1E, BP%L=E A AR i SCARTE W il 13
R 2B HER&UERZ S RALEG L Ml — DK
5.
5.3 RkRE

ET LIRS R SRR, KRR TEHARRE .

Hn ik zh 5 8 = AN MEE RITIRAIR R . B5E, EHORE
BRI, TR R ) - E UM AR, U TR KRS
SRR N NS, 50 D9 55 25 Ui ft) K 35 A
RBATIR R G JBIEIR R Logits T HEAMEBICAZ I R ALH,
Kzl 115 RS TR PR R (T() JEASI LLM %
A, TSR IR & BT e X B NSOk
Aee FR, EEHRWENR, Fai G B ARE S LS TR
STk, PR 2 ) B2 o it X A AR AT 0 B el g5
BaEs], SEHASCARHER] 7 4 AR 5k B X 30 1 2400 B 3)
SR S AN, CABRARRT N % SRR IR A T 52 A5
MZACRE S . B, (ENFIIhIRI, SR B A it
EHESZMEZE A AR AL NI, IR ] G AR R AR
FRAECUH B SCA QIR PR N T e e vl o0
HESENE TG, MERERE S EENTCEER
BEATIRIE . AasE He AR WHIAZE, T R8s AN STt 7 i
it
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